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FL=1¢

for (k=1 ; Lg+ ¢, k++) do begin
Max_lq = MAX(f(Iq,)), (not tagged, 1<i<n)
flk merge lg ;
CALL Gen_F;.
FL = U fk
Max_Ilq = 0
// if sum of lgs between tagged < Smin

then not large quantitative itemsets

// Answer

lai = used tag (1<i<n) // not large

cnd
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Function Gen_Fy
for ( j=1 ; Max_lq = Spn, j++ ) do begin
casc 1

if (fUqiy)+Uqi)) < (Smin-Max_lq)
then Max_lq = Max_lq + f(lq ) +f(lq.);
fh merge lgi-y, lai 3 lg_tij, lg_tig = tag

clse if (f(lgi-;) <f(lqi;) and
(Smin)~Max_lq) <f(lqi-;))
then Max_lq = Max_Ilq + f(lgi);
th merge lgi-;; lq_tij = tag
elsc Max_{q = Max_lq + flq.);
fl merge lgi.; g _ti; = tag
cndif
endif
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casc 2 : /g t-j is not tagged, Ig_ti tagged

Max_lq - Max Ilq + f(lg-) ;

flx merge lg y lg ti, = tag

casc 3 © [g_ti; is tagged, [g_ti. not tagged
Max_lq = Max_lq + {(lgis)
flk merge g+ gt = tag
casc 4 © lg t; and g tiy is tagged
return // fl is not large
end
Return
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