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2 AgFlsel ZAE A 69 AAARTH] AHIF dEHL
Azt oo} 70de] Az Ee] HYUA = ,
Qo ZoMsys mrzamsyel edFg Adeds 2y a7 APt dF A8
gloalel A =2e 78d 79 = 27F Agolm & 99 FTAEII=7 HHE
gt o] A 247E Apgo] athx] #walx dglen 88d AeE¥RE WFE LG,
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Azl Ee] NLFEE AR AT PL AEE BRAFH7] Addn xuAE D F
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A= 6632 1119 600
D=t 6009} 478} 126
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2.2 dlo]¥] wle]de] g AT

dlole shold e HolHERE sEely Rge £E57) As TARY LaABE $EHE
#Holet (Fayyad et al, 1996). =& U7 E dlolg#lejx o] &AstE, 25y dZe] ol
Aolel $AA Y AEAAAT 229 Hgel BE BAoz AAGNE ok Heoly vholy
3 AA AEET 9 Be B4 £75% FUT AolgL vl Ao FEUAE Feh
wH AHade el Aololth @A A£HD QT BE 24 =7SQL ¥ JEY =T, 54
24 3177, OLAP £7, A48 7 5I8 A847 53% vold Alole] A thal 74

S Aga olEFd S AFIHAYG EETL'_ kg Qe A Ydsta vk o] EAWALE 72
ZEE A=A ol 247t FHAE AFE 3 AAAew dolg ol dis wf &
Fa Zolejo] ARE HwoR FAZARE AAE #r) o9 Zo] YFE Ntz g £49
TEAGLE BV AEE AES FEA oqF, AES 39 oqF, 4 I3 EFEE B
ZstA e dedA gz ste A9 o5 F g2 4R o4d o AFS TA Ao o
o ksl ol wlolyd 2 Az TrE LI Fo] welH Aleld FHHA FAAE FANEF
St (Discovery)= 7|¥ro 2 3t o FEAclHE A&t
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Z 2 deolE wmielde FoAdol ZFEREE olfte Al X7 ey AXN, Duie o] E o
2 & EHE e 49 dolHE Bu ggdoz ol & E4, o)y mleld LmEEe
Ay AFHL §%F 9 A AL FHoE FriEI BT FHE 717 delHd HEHA
S B 4A A & F JE® TozA Y5 AERE AU H4A 42 ¢ e #HE A
oo AR, deld wleld 7|H-E ZEY HEI Al2wo] e @AE XA 5o HEHAAS
fFrdstA SEE + Ae ddog gEFda dot HolHEZRE &8 g 53 AHY
tHole wiold 2 AFHE Fobel mEtA o 7172 WPz EAH Fa Ut dE EH,
A2 FEZE (Knowledge Extraction), ZE® A (Information Discovery), Hiole @F%& (Data
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Archeology), do)e #e1A 2] (Data Pattern Process), A 252 (Information Harvesting), KDD
(Knowledge Discovery in Database) 53 Zth dleo]y mlo]dolagls ol F2 FASA o
olEldfo]l 2~ AFAEA, MIS EolollA g EE=1 ot e Hlolg uleo]d-& 2 Alz7} 7]
A8t (Machine Learning), & 214 (Pattern Recognition), 7418, U&A %, AE7A A= €
ol8 Alztzh, Auzs Fo e Eofelmzm AR Ege ohvtt (NUE & AR, 1998
Adriaans & Zantinge, 1997, Fayvad et al, 1996; Hong, 1996).

webA o]e} T2 dolE mpold-g& sk FAHAHY WHELREE o7 JFX] TFEC] AMEEHT
Ao 53], dolHfA, #ELF, 73, 72AAEY (Rule Induction), #3444 L1z F (Genetic
Algorithms), A4 E&] (Decision Trees), 2% (Cross Tabulation), ol°] 4 E (Agents), 4
£ JES 2 (Belief Networks), #3272 2% (Equational Approaches), €48, A3 N2 &
(classification), & F &4 (regression), 7FE (CART: Classification and Regression Tree), #|o]Z
(CHAID: Chi Square Automatic Interactive Detection), x| & (Fuzzy Logic) ¥ IS AlzH3}
9 22 T 7Ig Mol go] AlEE 1 T} (Fayyad et al, 1996).

Hole mloldo] FHZo B8 ZH we olfv Aol FASHA] wEeltt = <EY
22 FHtoldE/MY (Client/Server) F3x8leA dolE vlojy d72 Mu o
9 HZVIES dolgule]l 2gele] AL 43 £ T HARE o]&3E Aoy, B
Eude ARE UFE Odsh g2oz FAE glenn BE uAARE gio
HAE FEI7|de vhak FolAX % A FAY BE Fale mEF F
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(X5: Jain & Nag, 1997)
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0;= f(net;) (1)
old), o=jA e w9 &gt

net;= gl Wigki

fO) =948 A8g+

(= A e wdzREd 4498
j= ARA AT g 4 Bsde 9BYE

nch

Wi
N =48 9o} B8 e A9A Ae @siel &
Z, AYdye dEA A Hoﬂ/\i_] 28 cgﬂgl(x, o8 o AAWT 98 7F2E(net)
29F9 AYgeEse g3 **4%51 zt 1?4‘%%-%%1%‘61 age 2T AAFEE F5HY
Hlo} o]y o] Ee] 2 w AP HHs I AADHE 2HIG

&Olghe
(Transfer)

Helce
(Processing Element)

(A= Jain & Nag, 1997)
ol pe A E¥ol 7 2o APVl o FolNTL AFHo=

=
Fel Ak o)W AFREE o] [4 219 & AaRe|E Fld o TS
Tl A vehvtE 288 [0, 1] FTox Aekstrlfs] AbdET

f(netj)z——l—_— [+ 2]
(I+e ™

as}a ojnl JFE whe gol AFAAFe] FHGTT EWFE AL 2I9 A
| HpEs %ME 2R AAE 4T & A4 A HAF U3
% gl TAAR o] e AN LA BxFH o
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2 U]r° 1 22}7} ﬂ/‘q}&h‘:— Hgow 2+ SN A2AEE A5}

299, o9 22 @@7}54 2742

aHRAEL FF old 7 HAT FAA HUE ddscl = 33 FAQD 9F £
S 3l 22 4Ee 4d3s JNFAe dopay H2 M HEE F
o S dokul sl AlLFlE B3zt QolME ALFEE AL B
HAE AQA Ade A7 B} o) &vAe] B
8 258 23] 93 AYR 2] otz HH
A & Fgo|Bo A A" ugrse £4
2HE MG ES dEach olgd oty Y =

NHE =

(Discrete Choice Model)o|t}. ©]
e B7rE B FA4E 2 A
d T vy Frddddd i AFAT @ol AgH Edo] &4 A &c|E (Random
Utility Theory)ell o] Z7E & ZAEE (Logit ModeDelth. 2 EHLE o]itd AR

12 AT Zol avAEe] AFE HWHAM EES FdFAYE AL AT Jdeow o
1} Zo] 23k 48 File 58S EEFIZ 54 tigke did AYEBES 453t &HA b
} ol® AF io] et EAGF FojA A tof] =75 FEUn)e [ 319 o] A=)
Upr= Vit € [+ 3]

Vs &817 7t AF i258H A FoAFE o] =Ae 528 Tl Z2AF 24
{Deterministic Component) @] it EhiL\L:_ F393H 2.4 (Random Component)®4 eme= Type-1I

Extreme ¥3XE 713t AA3F 24 (Deterministic component)E [2 418} Zo] Mele] gk
2 VA AFEY A¥Egeer Ao} (Ben-Akiva & Lerman, 1993).

V= a;+8 X s [ 4]
aiv 2 AFETY 553 E4& vellle 2% (Brand-specific intercept)e]li B+ FA ot
& 2oy Xyt AFAH dFS vAe 8059 ¥WHelth w7t Type-II Extreme X
F 7tAEeR old A s T8 4 AE gt dFd 58L& AR i [4 519 Ze] A
= Adgds=z Jebd 4 9t
1) olvl $lollA AFSAA T oo} Zo] HF FEHao vz T e 2R FAXE A4

g “Z=gg” ojda ot

2) o]zl G4 AT W, = back-propagation e Folztil BHE o]folth
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P b ;‘:IEXD( V i) [+ 5]

P © 242 h 7 83 A i TojAA tof] 49T &&
Viie ¢ 442 h 7 54 digk iof] d#] FojAE o =718 &

3.3 C5.0

< Quinlan (1996)°] ID3el oo 7iere HgH shguby el shutoldd C5.0 ol #HH
graite] 2= 7 ﬁlﬂ% (Machine Learning) ¢|gt= ©]& 3o @A &2 CLS, ACLS, 1ID3

T3 A8l 71vkEe F CART, CHAID F°l 3t (Berry & Linoff, 2000). C5.0 A& FF4
2SS F737] 98 AR AE 57 (Class)® &4 (Property) &3t #A4AS sietsts &
ARe g AZAAED (Decsion Tree)E A8}, 53], C5.02 71€9] D37 7HA5L Y E &
AHA gaAaAER] Aol ALEHi= Gain 71Fe] ZMAe "I EA9 2AE W4E OdE
F 9 EAEE MdS Aol (o|As & AYEH, 199). C5.09] &4744HL &3 22 744
£ EdA =FEo| 7153ttt (Quinlan & Quinlan, 1997). €2l Aldl2 FAH H3I 39 G e

240 EHo) 9t Adsl AsE [ 63 2ol AT £ Ak

freq(C;, S) :
a2, [4 6] AlFete ARE [4 713 Zo] Jebd £ Qlth
—1ogz(ﬁ?‘1f—gc”i)) bits 4 7
oluf ARG &Ado] AFse= 7" AB (Expected Information) & #HoHEr] Halds A
A Sell M A g 49 Fe ALEsted [ 817 o] LT

freq(C,, S)

nfo(S) =— 1T— x — log 2(—-—|S1—) bits (& 8]

2% el (Training Case)d FEL H42 o Aol Tee $4& Jdsed 2o9
HEAHA AR ¥ info(T)E SHsNoF o, ol H2AE XA nyie] &8o=2 223 T
FAR 24AE ST, olw Y E gue BRYe REIYYSe AFAe Foz EAL
22 o)l
TOAR

3) ol#s AHe ¥& HAE S2 AERY (Entropy) A= &},

- 430 -



infox( )= 37 X info( T) [4 9]

a8, HEE X 93 £8E Tol <8 @549 R &2 [4 1013 2ol vehdrt

’

gain( X) = info( T) — infox(T) [+ 10]

£3] Gain Criterionelgt 3t= C5.09 & F%& ZAStT 7|F2 ¢]# ¥ Information Gaine
=3 A7l H2EE A¥3ts Aot

FH, C5.02 A4E JAEAHER D AUAA 2L &4} F= (Leap) ==& 712 Z %o &
el —4*}73”4531—1 duksl 54EL A3yl Hitd HEZwsE AASE WHd ZFY
(Pruning)& Al&gth dubx o=z 22y g Fole 582 S48 4 Joy /&R Frtst
71 WiEel C5.0 e LF/71¥ Z39& B39 2F &9 F71E EASc =9, Co.0dHE 4
ABARED N @4E7] dEEitte e dFdr] HE9 AFH 2R If-Then 78S 4As F
= S4o] At FALS ZF2Y A dAAA A3t BAA 4A, Contingency Table, 94
A% 59 wHoz AQE FHES g doh (1B & ALdHE, 199). o)FH T2 B AT
oANA ALEEE A 71A] deld mle]de] £ E=Z AelstH [E 2]9 24

[E 21 A 7}#] dlo]g] mlo)d 7}Wle] E

AFANAH 23 23 C5.0 (A3 ahFuy)
HHa Ng gutaly Qe TEAYHE Gain Ratio
# 3l 43 A o 23te] # 3 PR Aol BE
239 73 ErEs o8 X FAFH JHA deHe A+ sle
If-Th =
AAEY F9 | AEA WE43 7= HEEY B o T
(Decsion Tree)
A 8o T HEAE 74 Sk A g =) 4 BAE R
A A o Moa AdAzAd EAF
= a7 A4 (Robustness) 4928, de4d, 543 gee He oldd
&2 (Learnability) #oFE AF
T == N _C"_~ o 2
Fawy 450 ol AR wEme wap | SooT SAS AAA
) ) vl
(Az: g, 1998 +74)
ol M7lA] WHEe 73 & Fold o Fue A2le Fxolth AFAALE 2o By
o] Z+ AFEIZ == Alold @AY JFEAEZ FHAFE BHAE A4 (Non-Propositional
Knowledge)®] 728 7FA3L 9o o8 sk AAL A AY B4sts AL v oy dolth
v 1FAALL Aud shgy o] ol gk B¥olnz oE 7|y 45t Hol
*P%EJ ok (AL, 1998; 1999).

23 2dzn e FAF 2y gAY 4 (Pseudo-Propositional Knowledge) +=2& 7}

Ax gv & AgE W4 JUE 2ABAsh 20 tgsts wes Be B Fol 1 235
Pol 713k ANEAL e AL BAY AYFReIG Z W] BAY FHL WBAY A

Hpzol7) WECT (RHE, 1999). 2o} 23 mdel 35
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3 BAAEQ FAFES AAE] W2 AFAEG Zgo] AHEE F 5

el g 9l C5.02 “If-Then” el ZHHE
A4 (Propositional Knowledge)°lt (Quinlan, 1986). ©]2] gt ™A &
AEE AFsty] gfiFe] WEIET ohvg g AEAER 4

2 A7eAE dely wteldg olgste] AEAE BMHIAY f3 R olgARE Heotsiu
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o] atx 71EAQ delE mlelde HAMNAAE ol LG ort AR WEE oM B o
Tol A= E WY 21 HAEL dHRE AA, A ARIE HER FoA EF de]
g dAstark €4, o7l 4 2471He] 875t Fejo] wa dojye] HelE Wil

2z delB e Fds AANAG AA, dFAEY, 2ARL, C5.09 dHolH =mloly 7]HL

2 A7 A8 ARE 10979 492H 20004 109 FAHA A= wssn = 14
3 Abele] A= AT olgmAd W@ Fre FAHY At ol gol A2 ABE o
¢ ot A2 ARE CI5USLE FA ARAIAY ABF 20| Fhwa |
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FEAoh Amd g DG 492 [R 3]F 20

(£ 3] A9 48L&

! ek

MONZREN" A &7l= 784 Y (Month to Renewal)

OCT_LS, SEP_LS, AUG_LS uAe] o] &% (Line Size). HZ 3/MEA AEE &
OCT_CLS, SEP_CLS, AUG_CLS | ©E el o3 #A4td Line Size.

AGE A2t Bz 1ol

GENDER JtE BfAte] A

AVERAGE o 3L o] E =9 HF

AGEING A& W, §57]7F (Current - 180 Day Past Due)

INTEREST #HZ 3ME 7t 2AF o)A HF

STATUS AE7E Bf o R

2 A7) AHgE Azd ds =39 RMM AHEd g 2o B dFdM AdF
AFde 2 e A852 TFF ol f 37ide] nAY ALATE Feofste H2 7
dZolth F, ML= Al A e el 37Y o] AAE stE JE EFnfde=
T, 1999). WA, 370d A=e AdATd AASAS o] Fdd nAh AEE
sterd & loh 23t "1%——52&2}7} RIEAl 7hE AR ddHs AL oYz
o] feod dRE BAE oA detol § Aoz Bt o) 4¥EAE o
43 A7F o)&aqrh ojdel UEIE EAAS velup ¥ (g0 AADE ofv A
o Tl A g Az AvREta lolA ol st AEWE L ARFELD F 5
E¢ AR 87 E 3 F O gEed ?J_*]%i ZtE AYA obyw O thE
AR 2¥E FF 6Mg7A Fol £ 749 st zyE FEEAT O 3
= Cﬂpr% T H-4 7}Eﬂ EJE; WERE (FA0, o2 1). o9k 2

o
%
i

d

1*
AL
0 A g

o

oft
£ s

of

A E
— g Mo
2 2

.

T Ry
olgslx % 1A 4,605
ol gt Y 4,605
A 9,210

AGE AAEL A2 AAY W FFEF Joksted dvdez QA d4d fAAEe
7§ o] olth olo] FHAlME sz BALL AT Ytk B AFME o] FEE #F 1o
2 g Zol JI=E B8En QeAY AEEE F839r).

-433 -



@, dlolEjnle] oA A-8E Sy
A7MR] 52 AAAEE oA R
oo AFNAY TqFA dFFES 27 AT A2ER JF (Test Set)& W2 FA o
ZARYH Co00M= edt AArE dagles #AZE H2ES I¥E 58 IY (Traning
Set) o] 2FAA FA A&

[ 5] €48 Az A58 A5 &4
2 AFNAG . 235y . C50
AL H & EES H &
&8 23 5,526 60%
=% 29 - st g A% 7.368 80%
HAE8 A 1,842 20%
AEL HY 1,842 209 AeEs A 1,342 209%
& A 9210 100% & A 9,210 100%
4.3 A5 Az
dlolg] mlolyy 7|¥WE HE37] AsiMes Aso did AA7 e wvr=A] dasith O olF
A Hirge] Wrz RYE ¢=e 29 2 194 (Parsimonious) &l

9} g (Scale)EE7 Ao dE FA

AA
77be] o] WA T-testsh Chi-Square AAL ol §3tel §88 W54E F33414 39

Z
Q
5.
=
=3
5
i
L
K
i
1B
7R die
__5
iy
ot
e
+
2
rlr
o,
da
i

[ 6] 948989 frold 23 24

» T-Test®4 A}

olweta we A o|g@ A A 17

EES:
t—value p-value t~value p-value t-value p-value
MONZREN 89.951 0.000 55.101 0.000 99.322 0.000
AUG_CLS 63.428 0.000 25.000 0.000 61.608 0.000
SEP_CLS 63.264 0.000 26.609 0.000 62.191 0.000
OCT_CLS 63.636 0.000 18.951 0.000 58.365 0.000
AUG_LS 159.906 0.000 164.567 0.000 225.508 0.000
SEP_LS 159.583 0.000 164.427 0.000 225.126 0.000
OCT_CLS 159.816 0.000 164.434 0.000 225.208 0.000
AGE 286.919 0.000 284.607 0.000 394,518 0.000
AVERAGE 47.408 0.000 24.788 0.000 49.194 0.000
INTEREST 62.580 0.000 22.263 0.000 59.550 0.000
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+ Chi-Square ¥4 Z# (" p<0.1)

ol2stz & 1Y ofggt 1A AA A4
1 22 — P —
Ch1V S?lgare p-value ChlV &E:lgléare p-value Ch1V Slgtéare p-value
GENDER 3.614 0.057° . . 3.676 0.055
AGEING . . . . 48972.805 0.000

RPEHF T ¥gHEE FA4Y MON2REN, AUG_CLS, SEP_CLS, OCT_CLS, AUG_LS,
SEP_LS, OCT_CLS, AGE, AVERAGE, INTEREST®] thsid = T-Test® QA8 HEHE
¢l GENDER, AGE | tlélA = Chi-Square A& 2A&4t}. [& 6] 2 237 v sl
24 A3 B dFA oj&stnz ste BE JERSsI FAHLE felgs & & AUk o]
o B AT7eAE olE HFE AR dHeoly viold 7I¥E HEE R 5
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o] 1
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9] EARY A¥gds

aw =8 A% (7,368) 254 2¥ (1,842

e & A= ¥ &

455 5,952 80.78% 1,539 8355%
159 % 1236 16.78% 21 14.71%
252 R 174 2.36% 31 1.68%

EAA0 254 AP AFEC 8356%E AFAAT BHEH HuE AT e 52
HEES B9 FU 28U 152/ 1471%0] 1, 2T 277t 168% 2 15277 Ho3etA £
4Eem 1% &9 2% 279 @A WUy At 758 B9 AT o8 E AeE
ks AT

5.2.3 C5.0 #4443}

C50 I E AR5 A% vgAEe|D, BEASY Ao QAT 2E& FBE AHSUT
£ =i AFN4Y, ZARHAA AT At $IF WLE ASHAT £, C50 2A
Hasg ARE ogad g9 e £22 2P F4ol gl BeE wA= Hees
Age H54 ARl Lo BAL AN )

ATNAE SPSSAFY ZddEelel (Clementine) 52% ol&&ded, FF4Y %
Severity)S 5% E stz AFEAWF 9 7}A] (Branch) B #HAx dI=E 242 A SRy
ANEEoh BAARIE [ 10)9] vheh ded ZEY AAH HEEE HFE L Ve
2 #S o 9224%= UFAAGet} AR BlF €%3 w%ew 1-2%F 2F: 47
541%% 9.86%= 473 ZowA 1 AL HohA Hop 4Es] 2 dFF Aoz HA

[% 10] C5.0 #4147

) ged W (1368 | AEE VY (1,842
T A u & M Ul
AZE 6,310 93.78%% 1,699 02.24%%
1525 167 4.69% 47 5.41%

2EF 291 7.65% 96 9.86%

#7, (5002 s&d AT S84 ATAA 9742 FHol EEEHY s FH & A&7
= ogAE ERY 4 Y& FHo] 17711 BHAE BRE £ Qe 3o 22711@14 olw $-2
o F BANE RERAE FASAY, Ju nho] ogFEAI HY BAAL olu oF 7
2 W3 BEsar

- 437 -



[¥ 11] C5.09) 9% 4

g ojgA ¥5 73

Rules for 1.0:
Rule #1 for 1.0:
if OCT_CLS > 41470
and AGEINGO > O
then -> 1.0

Rule #5 for 1.0:
if MONZREN » 28
and OCT_CLS > 589
and AGEINGD > O
then —> 1.0

Rule #2 for 1.0:
if MONZREN > 1

Rule #6 for 1,0:
if MONZREN <= 26

Rule #10 for 1.0:

if MONZREN > 1
and MONZREN <= 27
and SEP_CLS <= 523
and OCT_CLS <= -8
then -> 1.0

Rule #14 for 1.0:

if MONZREN > 1

and MONZREN <= 25
and AUG_CLS > 9
and SEP_CLS <= 1187
and OCT_LS > 46000
and AVERAGE > 212

Rule #11 for 1.0: and INTREST <= 0
if SEP_CLS > 523 then -> 1.0
and OCT_CLS <= =499
and GENDER <= 0

and MON2REN <= 22
and OCT.CLS > -8
and AUG_LS > 55000

and OCT_CLS > 163
and AGEINGO > O

then -> 1,0 Rule #15 for 1,0:

Rule #3 for 1,0:
if MONZREN > 1

Rule #8 for 1.0:

if OCT_CLS <= -8

and SEP_CLS <= 1187
and OCT_CLS <= 9
apd AUG_LS > 65000

and AUG_LS <= 95000 and AVERAGE > 860 if MONZREN > 16
and AVERAGE > 1246 Rule #7 for 1.0: then -» 1,0 and MONZREN <= 25
and AVERAGE <= 2173 if SEP_CLS <= 523 and SEP_CLS <= 1187
and INTREST <= 120 and OCT_CLS <= -1277 Rule #12 for 1,0: and OCT. CLS > -8
then -> 1,0 then —> 1.0 if MONZREN <= 25 and OCT.LS > 30000

and OCT_LS <= 35000
and GENDER <= 0
then -> 1.0

and MONZREN <= 22 and GENDER > O and GENDER > O
and AUG_LS <= 55000 and AVERAGE > 860 and INTREST > 0 Rule #16 for 1.0:
and GENDER > 0 and INTREST <= 7 then -» 1,0 if MOWZREN » 2
and AVERAGE > 657 then -> 1,0 and MONZREN <= 11
and INTREST <= 10 Rule #13 for 1.0: and AUG_CLS <= 373
then => 1.0 Rule #9 for 1,0: if MONZREN <= 22 apd OCT_LS <= 46000
if MONZ2REN > 1 and SEP_CLS » 1213 then ->» 1.0
Rule #4 for 1,0: and MONZREN <= 22 and OCT_CLS > -8
if MONZREN > 1 and SEP_CLS > 1213 and AUG_LS > 46000 Rule #17 for 1,0:
and MONZREN <= 2 and AUB_LS <= 95000 and AUG_LS <= 95000 if MONZREN <= 25
and SEP_CLS > 4 and GENDER <= 0 and AVERAGE > 657 and SEP_CLS <= 1187
and SEP.CLS <= 1187 and AVERAGE > 657 and INTREST <= 120 then -> 1.0
then => 1.0 and INTREST <= 120 then —> 1,0
then —> 1.0
s - ] = = =) =] -

ol TAE Azt YL dE S0 FEH#IY ZFE 108 29 oj&TE FHo] 41,470 o
doli BR7Ie] 1€ ol4elw olEE 7ol v Aotk o¥d kA Fujze A
THE #1, TS, TALEAM FELRE VeI dFe] BRI 1Y o)l AlEe d¢ o]

5 =) B =] = - = =
2Y 7bsdel Be F 48P E 4 U FFo) L ¥ & T o9 pe FAL B
3 AEIE AANNE oW @ nAMo] HEASE AFn oBT sHsMo] =L A oo] 7

= = A - 2 o ] =
T Aotk T, C50dA T FE0 AHEE M4E GA UFAZA Dot 23T =2
H st A fFAsle o] W4 E BARNSTR o AE= 4TS Pl & Ho=Z
A= 9ot

52 A&7 S 9% vlAE A

ATEAAE FTES] vy AEIls B{HAY ol AL d&ste W4 EE SEP CLS,
OCT_CLS, OCT_LS, AGE, GENDER, AVERAGE, AGEINGO, INTEREST ¥4 o] 9t} o]
E VT 47 AE7lE BRAkY o]gstxd vo], A Hfolge &RI|7E olx& TA

- 438 -



AR ol &

o =2
_=

A 87}

Fe ol

Bt

e

A

Kl

FHe] FHa

]

[}

CEs

%9l

]

TEA

]

pastE dzrel aFRn

e

[=]

2 olgelRE serstr] @t 28, 24D

L
.

& A A
vtol & e wEbA JE&TIE ol R IF vrEZ] mF | old =

ok
o5

]

e

=
L

g

o o

=
=

2 Yvehd #A=Z o

7T
&
il
o
=
<)
i
_,...A_..D
_uﬁ.a
T
%
il
-
Bl
)
)
5 o
™ W
(s
~
>
o N
ar M
O
o o
T
ju? _._a_u
o
o _
= K
I3
e oF
o)
o H
O
T
TR
™ b
W

i

puir
ol

a1t

o

Al

=
=

e FelE71E

)

L
[=]

o}

EFAT HAS

A&7t=

-
=

ol H& mANA

=
=)

7+

T

A
ke
Ho

—

4Ir

o] Lo 2

=

EFAGAE

L.
.

A, AE7E AN

Aoz weoln,

&k
=

A7 Ee

==
e

!

of e W

=

=

5ol o

289}

=
.

(o]

Al QAN

o 3
#A= ot

2
=

ol
o3}
~l

DRt
B

i

T3k 7

3712 g ojdoh

Aol o &

il

7t =7

12 &71=

A

7}

=
T

Ea=

pl
S

B} A

sho}

7] ®Eel A-g7t=ARet e

127l 2ok FASA @ o

e

57 @

o o] Hulgo] 7

j|R

A7) WEelot

J

_
fls}

Q

A+

el

o

te] 371 Fola= AF

3]

ol
2

®
o

= BFEAS. wes, AEFEAANE 1

o
a

i
=

z
A1)

o

T

= o3

2 ZHEAT] 2ol NEIEA

o

of

=L
S

_ﬂw
o

mh

s

kd
o

ot

dhsh el Fujele] 2187

Rk, wreA, 7129

-439 -
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B AT 24 AT, 1T BAH YYE T Aoole UEAE g ¥
& olgAg 4A Aol oldn, EA el QA% 1 2k Aok AAAel Qe
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Ad 718 ARG 2AE $71HLE ¥
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232 golu €500 RSBTE Mol

AR, olgnARYE AT HAB B ANelth B AFIMNE A wERe] AAR
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RS o DA FANE FPES

g dA AHARE olEstAen ol Bt MEgt=
E EetHth £, ol TFALE FHoe] AEIIE olgxte EAE Bt AEI=AL
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Zejv B AFdAe AR 857 #RH Y BAZ AEIEE 083 oMol
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