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Verification set 1998. 9. 28, 09:00 1998. 10. 3. 06:00 118
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rit-e) — QO

@)
bias
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Connection abcyd AH
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Iy 3. GANNEY T4 %

Model I : go=¢(gqs), Qr=3, Qt—3. 7i-1, ¥i-2) (3
Modelll: g,= ¢(qs-1, -2, Q:-3, 7t-12, Fi—13:s Fi-14) (4)
Modelll: g,= ¢(gs—1, Qi-2, de=3r Qe—tr Piolze Te—13s Ti=14) (5)
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ModellV: ¢,= ¢(Qt—1, Ge—2, Qi—3, =4, 7i-11y Vi=12. 713, 7’:—14) (6
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739 Model 1¢ GANNGBGSDE UHE ==9 7t 671, &93 =29 g7 544 o 743
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2. 147 F 4 Ax

d&| Network Trainning Monitoring Verification

A7 (I-H-O) R? PFC | RMSE R PFC |RMSE| R? PFC | RMSE
GANN(G5,1) | 09984 | 3700 | 21.387 | 0.9976 | 7.315 | 33.881 |0.9991| 7.925 | 40.591

1 | GANN(57,1) | 09982 | 3491 | 22.329 | 0.9966 | 7.698 | 39.748 |0.9992| 7.299 | 35.850

GANN(5,13,1)] 09982 | 3.763 | 22.412 | 0.9980 | 7.345 | 30.720 10.9985| &.900 | 49.050

GANN(5,51) | 09861 | 6.963 | 62.234 | 0.9831 | 11.848 | 88.293 |0.9965] 9.660 | 75.818
2 |GANN(9,1) | 09830 | 6.387 | 55777 | 0.9383 | 12.311 | 78.016 |0.9971| 9.696 | 69.432

GANN(6,9,1) | 0.9872 | 7.263 | 58.347 | 0.9922 | 10.926 | 63.103 |0.9928 13.781 {111.326
GANNG5,1) | 09692 | 8792 | 92.428 | 0.9760 | 12.352 | 104.086|0.9940 | 13.854 | 103.436
3 |GANN(G,6,1) | 09710 | 8335 | 92451 | 0.9742 | 11.087 | 104657 (0.9937( 12,937 | 99.715

GANN(57,1) | 0.9683 | 9.276 | 95409 | 0.9776 | 10.699 | 97.976 |0.9943| 12.589 | 96.549

GANN(G9,1) | 09538 | 10.422 |114.306{ 0.9548 | 13.254 |138.486|0.9816| 18.249 | 175.769
4 | GANN(5,131) | 0.9545 | 10.212 |113.204| 0.9504 | 14.536 |147.778 |0.9778| 19.234 | 192.956
GANN(5,14,1)| 0.9562 | 10.588 |111.757| 0.9527 | 14.662 |146.15910.9825| 13.828 | 167.917

# ['Inputs, H Hiddens, O-Qutput
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Hydrograph of venﬁcatlonl in GA-I\N(S 5 1) at t+O Scatter plot of verification] in
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