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2.1.1 Associaton Rule
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for(i=0: i{# of itemset in each sequence item: I+ +){
item = 1:
while(until all items are traversed in each
itemset) {
temp_ptl = itemset(i}{item]:
temp_pt2 = itemset(i)(item+1]:

if(ttemp_ptl > temp_pt2)
{
temp = temp_ptl;
temp_ptl = temp_pt2;
temp_pt2 = temp;
}
set(temp_pt1) (temp_pt2)
=set(temp_pt1){temp_pt2) +1;
}
for(j=item-2: >0: j-=)(
value = value * a:
temp_ptl = itemset{i)(j):
temp_pt2 = itemset(i)(item]:
if(temp_ptl > temp_pt2)
{
temp = temp_ptl;
temp_ptl = temp_pt2:
temp_pt2 = temp;
}
set(temp_ptl](temp_pt2)
=set{temp_ptl)(temp_pt2) +value:
}
item ++:
}
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(4,5) 0
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