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Algorithm S-ST T T
candidate-ans < VisitNode-and-FindAnswers(root R, Q, ¢, emptyTahle);
achual-ans < PostProcess(candidate—ans);

refum actual-ans;

End

Algorithm VisitNode-and-FindAnswers(Node N, Q, &, cunDistTable 'T)
Fori« 1 to |CNl do {
for j < 1 to llabelN, CNJI do {
CTi < Addrow(T, Q, labed(N, CNJj], Diw-0):
Let mDist be the minimum colurrn value of the new row;
if mdist > & goto next-CN;

Let dist be the last colurmn value of the new row;
if (ON is a leaf node && dist < &) then {
answerSet < FindAnswer(CN);
goto next-CN;

answerSet «- answerSet U VisitNode-and-FindAnswers(CN, Q ¢, CTIY)
) label : nest-CN;
return answerSet;
End
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