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animal, animate being, beast, brute, creature, fauna — (a living organism characterized by
voluntary movement)

=> vermin -- (any of various small animals or insects that are pests; e.g. cockroaches or
rats)

=> varmint, varment -- (any usually pred
coyote)

=> scavenger ~ (any animal that feeds on refuse and other decaying organic matter)
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(CS: Computer Science)
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3. BPN (Back-Propagation Network)
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