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Rules for /:

Rule #1 for /:

if pageb == /st/st.htm

Then -> / (1615, 0.918)

Rule #2 for /.

if page3 == /st/frst.htm
Then ->/ (1615, 0.917)
Rule #3 for /:
If page2 == [2% 3] ¥ ~ul9g AT

/~hak/sug_login.htm

0 d oy g

then -> / (1615, 0.92)
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