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Abstract
in this paper, we propose a new design method for bidirectional associative memaories model
with high error correction ratio. We extend the conventional GBAM model using bias terms and
formulate a design procedure in the form of a constrained optimization problem. The constrained
optimization problem is then transformed into a GEVP(generalized eigenvalue problem), which can

be efficiently solved by recently developed

interior

peint methods. The effectiveness of the

proposed approach is illustrated by a design example.
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