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Active Noise Control by ANFIS for Unpredictable Secondary Path
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School of Electrical Engineering. Korea University. Seoul 136-701. South Korea

Abstract - Active Noise control(ANC) is
rapidly becoming the most effective way to
reduce noises that can otherwise be very
difficult and expensive to control. This research
presents ANFIS  (Adaptive Network Fuzzy
Inference System) controller for adaptively noise
cancelling in a duct. ANC system generates
secondary control sound pressure with same
amplitude and with opposite phase as noise to
be eliminated. ANFIS controller is trained to
optimize  its parameters for  adaptively
cancelling noise. That is ANFIS train its
parameters by gradient descent and LSE
method so called hybrid method. .This paper
present ANFIS in active noise control which
provides an improvement convergence speed
and limitation of linearity condition. It can
model nonlinear functions of  arbitrary
complexity and ANFIS can construct an
input-ouput mapping based on both human
knowledge in the form of Takagi and Sugeno’s
fuzzy if-then rules and stipulated input-output
data pairs. This paper also shows that the
proposed ANFIS active noise control system
successfully cancelled noise.
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238 1. Feed-forward broadband ANC system
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a8 3. Filtered-X LMS for ANC
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4 Proposed ANFIS for ANC
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a8l 4. ANFIS clojota®
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5 Simulation of proposed cotroller
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