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Procedure cluster()
Begin
1 clusters = Direct k-means(2¥#3] zt2k);
2 While( minDist < threshold X
3 for(i=0; i<k; i++){
4 for(j=i+1; j<k 3j++}{
5 MCdis = Closest_cluster(Ci, Cj);
6 if( minDist >= MCdis){
7 BestLC=Ci;
8 BestRC=Cj:
9 minDist=MCdis;
10 }
11 }
12 }
13 If (minDist >threshold)
14 break;
15 Merge(BestLC,BestRC,); /* 2 A2HES #H«/
}
End
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return Meandis;
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