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Initialize
Loop
Each ant is positioned on a starting node
Loop
Each ant applies a state transition rule
to incrementally build a solution
and a local pheromone updating rule
Until all ants have vuilt a2 complete solution
A global pheromone updating rule is applied
Until End condition
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Procedure Weight Updating Rule
begin
For k=0 to m do
if (Tour(Ant[k]) is priori set) then
T(re.s0)=(1- @ ) X T(ry,51) + @ X (1/Tour(Ant(k]))
end if
T(r,s0)=(1- @ ) X T(rx,5) —
a X (1/Tour(Ant[symetrical(k)]))

FHHA do

End-for;
Rootine Lyt Perform
end;
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procedure Global Updating Rule
begin

For k:=1 to m do

Compute Li /* Ly :

Ant ko] 23+
Tour2}length */

End-for;

Begin /* Procedure Weight Updating Rule =3 */
Perform procedure Weight Updating Rule
Compute Lues

end;

/* Global Updating Rule &

Sl & edgeE -2 update */

For each edge (r,s)

T(rosi) = (1— @)T(m,s) + @ Loes)”

End-for;

end;
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