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ABSTRACT

The optimization method based on an enhanced genetic algorithms is proposed for multimodal

function optimization in this paper. This method is consisted of two main steps. The first step

is global search step using the genetic algorithm(GA) and function assurance criterion(FAC).

The belonging of an population to initial solution group is decided according to the FAC. The

second step is to decide resemblance between individuals and research optimum solutions by

single point method in reconstructive research space. Two numerical examples are also presented

in this paper to comparing with conventional methods.

=

1. A &
HZ zZtE AgRoboA Al2Ee 1ES A
Hlgolgte Aol A A2awel HAXHsirt AP
5| 8% FAZ o] 9tk o] AL A2
Z+E 4%, ¥32n E (parameter) S
2 s gusgse AY4A 8
Ak oA Alx"le HAHHE T
At 71 €71 HBE He g 34 9
A2FH A FHG 754l U]
o dAHHHE Feode AL o o

g 2R E Bty Yl A2 AE
28

tg &
rok
Hl

oo
o

Jo a2 A -

£
e

Sdwol, L] 24
duYFoE fA%% FAEH
SAZE FER FATRY S

(g o ok
1

G oS L oo B Qo2

@
2 2
)
e
K
Bk
it
flo

241

stof ol U HeEE Yoz
48 g gk o A% G4 2E v
vEle] 7]¢7|HRE HRE A ¢ 23
Shrol gk AL w gwtew HAHHE AR
g & glow, gs g s BAd g4
Fozg 7]E ddd PAY(single point
search method)oll H]&] AALA|ZFo] HA A8
He T B2 A8E 23 o HIdE #
Adna g 289 HHE ol&3d gEA
&} 4=(multimodal function)ol] w3 o 4@
of 7bssty FRA AFYN % A A
£% 58 4 It AZe 2FHALNYE
@Wol Akxy 3 At

a8y ol5 gaol2e R ATgSYy HE
FAE2] R AY AGdHAHHE gAs=d
Alzte] da3ln, BE AGHHFHEY
sk X dAeA Xtk 1Eln AA
A2 NE HLetx] Kate

e HHHE Ha=sA H

o
kol
k
o,



=, olg Zol IRHAHI d2d 4% 7

£ z2PLLYEL oF AFHA Ean:
wde 23 A
£ eye o84 ¥re FHde A= &

A A3y AAES 2 $ A3 Heo
w2 ALHHE Bolls ZR AT
gMo] 7153 ATeo FA4E FALnEAF
(EGA)E A A}

2.

Fig. 12 ¥ duy 59 5E8XE vgdg
o] ALY EL AA 2°9AE FAHL 1
dAs FEAS Friste & 438 F9

Hgato] AAHA FuaE HABT 207
AAE g4 de) FAEE Hristd A
Aol Fud JB4E oz AHAY o
FAN FHHA FFYAL FA5A o9

HEE FAANIY BANDE Eole Ao

2 o)Fojh}

2.1 A9 g
2.1.1 27170A9 B4

Fig. 1 Flow chart of proposed algorithm
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Table 1 Parameters of IGA and EGA
IGA EGA

No. of population 35 100

Length of chromosome 20 10

Crossover probability 1.0 0.5

Mutation probability 02 SSS fe"p""g"“”

Maximum gencratidn 10000 1000
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Fig. 3 Distribution of total population

(o : intial generation, x : 14th generation)
Table 2 Values of affinity evaluation function

Inibal solution 18 18 38 18 Sckcted sohiton
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Table 3 Comparison of optimization results

Obti I No. of Computation
ptlmum value gcneration time (S)
SGA 16.091155 500 41.06
16.091713
16.091713
IGA 16.091051 10000 342.31
16.091051
16.091720
16.091720
MGA 16.091720 336 267.17
16.091720
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Table 4 Optimization results

x y results
ogtli(r)xll)ﬁn 0.4389120 | 0.3058644 | 16.091720
O;E?r;?l]m 0.4388140 | 0.9163982 | 14.333084
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