Unsupervised Feature Selection Method
Using a Fuzzy-Genetic Algorithm
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Fuzzy Genetic Feature Ranking Algorithm

Initialize genetic operations, population number,

weight coefficients

REPEAT
FOR pattern i DO

FOR pattern j (i#) DO
Calculate sum of distance of individual features
for pattern pair using (2.4) and (2.6);
Calculate membership values using (2.2) and
(2.3);
END FOR

END FOR

Calculate Evaluation Index;

UNTIL ( Evaluation Index is minimized )
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i) Population Number = 40

i) Crossover Probability = 0.6
iii) Mutation Probability = 0.001
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Table 4.1. Two cluster data o] th3t Z 3} weight
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Feature Weight Rank
| 0.9909 1
2 0.0706 2
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Algorithm
Feature Neuro-Fuzzy GA-Fuzzy
Weight  Rank | Weight Rank
SL 0.0584 4 0.2234 3
SW 0.1944 3 0.0776 4
PL 0.9656 1 0.9741 1
PW 0.6035 2 0.9278 2
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