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A Classifier System processes a discrete coded information from the environment, When the
system codes the information to discontinuous data, it loses excessively the information of
the environment. The Fuzzy Classifier System(FCS) makes the classifier system be able to
carry out the mapping from continuous inputs to outputs. It is the FCS that applies this
ability of the machine learning to the concept of fuzzy controller. It is that the antecedent
and consequent of classifier is same as a fuzzy rule of the rule base. In this paper, the FCS
is the Michigan style and fuzzifies the input values to create the messages. The system
stores those messages in the message list and uses the implicit Bucket Brigade Algorithms.
Also the FCS employs the Genetic Algorithms (GAs) to make new rules and modify rules when
performance of the system needs to be improved. We will verify the effectiveness of the
proposed FCS by applying it to AMR avoiding the obstacle.
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