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ABSTRACT

Traffic analysis during past years used the Poisson distribution or Markov model, assuming an
exponential distribution of packet queue arrival. Recent studies, however, have shown aperiodic
and burst characteristics of network traffics. Such characteristics of data traffic enable the
scalability of network, QoS, optimized design, when we analyze new traffic model having a
self-similar characteristic. This paper analyzes the self-similar characteristics of a small-scale mixed
traffic in a network simulation, the real network Traffic.
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