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Fig. 1 3-Layer Perceptron Network

Structure
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Fig. 2 Neuron Cell Logic Diagram
Tablel Simple AND Input Control logic
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0 0 1 invert
0 1 0 connect
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1 1 1 connect

Table2 Simple OR Input Control Logic
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Xi Sif| Yox Meanning
0 0 0 cut
0 1 0 connect
1 0 0 cut
1 1 1 connect
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Fig. 3 Mapper Layer Structure
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Fig. 4 Digital Canonical Logic Neural Network
Classifier
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Fig. 5 The Structure of Multi-stage Digital

Canonical Logic Neural Network Classifier
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