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Abstract

In this paper, we propose a new approach to
determination of environment forces acting on a
rigid body. To estimate the output of disturbance
the
observer output estimator using functional link neural
network (FLANN) is designed. It is also shown by
simulation results that the precise estimation of
contact force is achieved for a 2-link SCARA robot
performing position/force control.
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Fig. 1. Block diagram of a force estimator[3].
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Fig. 2. Structure of a partitioned NN.
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Fig. 3. Neural subnet for estimating inertia term.
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Fig. 4. 2-link robot arm and target task.
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Fig. 5. Hybrid position/force controller scheme.
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Fig. 6. The force response of modeling error.
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Fig. 7. The force response using NN-based force
estimator.
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