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Abstract

In this paper, we investigate the distribution of
classification accuracies of multiclass problems in
the feature space and analayze performances of the
conventional feature extraction algorithms. In order
to find the distribution of classification accuracies,
we sample the feature space and compute the

classification  accuracy corresponding to  each
results showed that
that the

feature extraction algorithms fail to

sampling point. Experimental

there exist much better feature sets
conventional
find.

accuracies is useful for developing and evaluating

In addition, the distribution of -classification

the feature extraction algorithm.
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