F74 akelE sl g HAE AT A} A el e o
8 gua|F 7|uke| g =HAH3SE fst
K} 7|x] 7 2ol 2ot AS

Z 8 FE R B, FITAAEATE AP Y= IHY
A3t 1 (02) 2610-1941 / H= : (02) 2610-1859
Z 8 AE R ), AAATE A/NZRANT T
A3} : (0335) 330-6476 / ¥ @ (0335) 321-0271
% 9 (& # —), 8dRRIls
A3} : (02) 3483-4210 / A= : (02) 3483-4199

A Study on the Development Java Package
for Function Optimization based on Genetic Algorithms

Kang Hwan Soo, School of Computer and Information Management Engineering,

Dongyang Technical College, E-mail : hskang@dongyang.ac.kr
Hwan 1l Kang, Division of Electrical & Information Control Eng., Myongji Univ.,
E-mail: hwan@wh.myongji.ac.kr

Young Gi Song, Research institute of Hyundai Information Technology Co. Ltd.,

E-mail: bysie@shinbiro.com

Abstract

Many human inventions were inspired by nature.
The artificial one example.
Another example is Genetic Algorithms(GA). GAs
search by simulating evolution,

neural network is
starting from an
initial set of solutions or hypotheses, and generating
successive “generations” of solutions. This particular
branch of Al was inspired by the way living things
evolved into more successful organisms in nature.
To simulate the process of GA in a computer, we
must simulate many times according to varying
many GA parameters.
of

applications on Genetic Algorithms, called ”JavaGA”.

This paper ‘describes the

implementation Java Package for efficient

The JavaGA used as a application program as well

as applet provides graphical user interface of

assigning major GA parameters.
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