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Chaotic Time Series Prediction using Extended Fuzzy Entropy Clustering
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Abstract

In this paper, we propose new algorithms for the
partition of input space and the generation of fuzzy
control rules. The one consists of Shannon and
extended fuzzy entropy function, the other consists
of adaptive fuzzy neural system with back
propagation learning rule. The focus of this scheme
is to realize the optimal fuzzy rule base with the
minimal number of the parameters of the rules,
reducing the complexity of the system. The
proposed algorithm is tested with the time series
prediction problem using Mackey-Glass chaotic time
series.
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Table. 2 Values of identified parameters
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