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Abstract

A heart sound algorithm, which separates the heart s
ound signal into four parts; the first heart sound, the
systolic period, the second heart sound, and the dias-
tolic period has been developed. The algorithm uses
discrete intensity envelopes of approximations of the
wavelet transform analysis method to the phonocard-
iogram(PCG)signal. Heart sound a highly nonstation—-
ary signal, so in the analysis of heart sound, it is i-
mportant to study the frequency and time informati-
on.Further more, Wavelet Transform provides more f
-eatures and characteristics of the PCG signal that
will help physician to obtain qualitative and quantita-
tive measurements of the heart sound.
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Table - 1 Shannon entropy of value
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