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If (# of the items rated by target user that have
representative attribute values equal to target value >=
81

i For (each source user in source user set)
If (# of the items rated by source user that have
representative attribute values equal to target value
> 81)
If (# of co items that have representative attribute values
equal to target value >~ 82)
compute similarity of tendency between target user
and source user with Equation 4 ;
possible_neighbor_countl ++ ;
Else

Da.; ~ predicted preference with Pearson_Max_50 ;
final predicted preference p . = ba,i

end prediction

If (possible_neighbor_countl >~ §3)

P 4 ~ predicted preference with Equation 5 using the
best fifty neighborhoods who are highly similar
to target user ;

ba.; = predicted preference with Pearson_Max_50 ;

possible_neighbor_count2-the number of possible
neighborhoods ~ with  Pearson
Max 50 ;

final predicted preference

" P o possible _ neighbor _ counfl + p, ,~ possible _ neighbor _ coun®2 .
P possible_ neighbor_ counfl + possible _ neighbor _ count2 ’
Else
pa.; = predicted preference with Pearson_Max_50 ;

final predicted preference #",; ~ bai

end prediction ;
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Pearson_All_but_1 0.217028
Pearson_Max50 0.208839
CFRA 0.207524
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