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A Perfect Gridding Algorithm for DNA Chip Image Processing
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Array target segmentation

'

Background intensity extraction

{

Target detection
; Auto grid identification
- Epsilon graph evaluation
- Array spot centering
Ratio analysis : center of MBR, mass,
and geometry
Data clustering
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Algorithm: FindUnitDistance(G,)

Input: G.=(V,E)

Output: d, unit distance of given G,

Objective Function: maximize f(R)

1. Find largest rectangle, R, in G..

2. Find d by avergaing all edges of R.

3. returnd. .
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[ Data FaenAe | x| 3957 | AvB aAqAd
[ Artificial 1751 1 MBR 16.67
["Artificial 1791 2 MBR 16.67
[ Artificial 17.91 3 MBR 16.67
Attificial 1791 ) MBR 16.67
[“Arificial 1731 1 Mass 16.73
[ Attificial 17.91 7 Mass 16.73
[~ Artificial 17.91 3 Mass 16.73
[ Atificial 17.91 4 Mass 16.73
[ Arificial 17.91 T | Geometry 16,27
Arificial 17.91 2 | Geomemy 1638
Antificial 1791 3 | Geometry 1638
Artificial 1791 4| Geomety 16.50
Real 17.78 T MBR 9.00
Real 17.78 2 MBR 12.00
Real 17.78 3 MBR 12.00
Real 17.78 ] MBR 12.00
Real 17.78 1 Mass 17.50
Real 17.78 2 Mass 9.00
Real 17.78 3 Mass 5.00
Real 17.78 4 Mass 9.00
Real 17.78 T ] Geomeny 825
Real 17.78 2 | Geometry 11.50
Real 17.78 3| Geometry 11.50
Real 17.78 3| Geometry T1.50
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