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E 1. Helmholtz machine(HM)-& o] & &
Estimation of Distribution Algorithm

EDA using HM
D, < Generate N individuals (the initial population) randomly
Repeat for /=1, 2, ... until a stop criterion is met
D’) ;< Select S < N individuals from D, ,
according to a truncation selection
PpAx) = p(x| D*,;) « Estimate the probability distribution
of individual using Helmholtz machine
Dy« Sample N individuals (the new population)
from p(x) (in Helmholtz machine)
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