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Abstract

In this paper we propose a Genetic
Algorithm for the path planning of an
autonomous mobile robot. Genetic
Algorithms(GAs) have advantages of the
adaptivity such as GAs work even if an
enviroment is  time-varying or unknown.
Therefore, we  propose  the path  planning
algorithms using the GAs-based approach and
show more adaptive and optimal performance

by simulation.
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Fig2 Flowchart of Genetic Algorithms
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