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ABSTRACT

This paper investigates a novel speed
identification of induction motor ysing 2
layer neural networks. The proposed
contrel  strategy 1s  based on neural
networks using model of full order state
observer. In the proposed neural networks
system, the error between the
variable and the adaptive variable is
back-propagated to adjust the rotor speed,
so that the adaptive variable will coincide
with the desired wvariable. The proposed
algorithm is  verified through
simulation and experiment using the
digital signal processor of TMS320C31
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