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Active Noise Control Using Wavelet
Transform Domain Least Mean Square

° Doh-Hyoung Kim  Youngjin Park

Abstract : This paper describes Active Noise Control (ANC) using Discrete Wavelet Transform (DWT)
Domain Least Mean Square (LMS) Method. DWT-LMS is one of the transform domain input decorrelation
LMS and improves the convergence speed of adaptive filter especially when the input signal is highly correlated.
Conventional transform domain LMS’s use Discrete Cosine Transform (DCT) because it offers linear band signal
decomposition and fast transform algorithm. Wavelet transform can project the input signal into the several
octave band subspace and offers more efficient sliding fast transform algorithm. In this paper, we propose
Wavelet transform domain LMS algorithm and shows its performance is similar to DCT LMS in some cases

using ANC simulation.
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