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Abstract — In this paper we propose a path planning
method for an autonomous mobile robot . based on genetic
algorithms(GAs). There have been a number of methods
proposed for the path planning of a mobile robot.
However, few algorithms have been developed for an
on-line path planning of a mobile robot with the uncertain
information of a task environment. Therefore, we propose a
path planning algorithms based on GAs that has ability of
creating path planning without the perfect information of a
task environment and an ability of planning the efficient
path by on-line process. Then we show a possibility of the
practical use with the results of simulations and
experiments.
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