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Indirect Vector Control for Induction Motor using ANFIS Parameter Estimator

Jong-Hong Kim, Dae-Jun Kim. Young-Kiu Choi
Dept. of Electrical Eng. Pusan National Univ.

Abstract - In this paper, we propose an
indirect vector control method using Adaptive
Neuro-Fuzzy Inference System (ANFIS)
parameter estimator. It estimates the rotor
time constant when the indirect vector control
of induction motor is applied. We use the
stator current error that is difference between
the current command and estimated current
calculated from terminal voltage and current.
And two induced current estimate equations are
used in training ANFIS.The estimator is
trained by the hybrid learning algorithm.

Simulation results shows good performance under
load disturbance and motor parameter variations.
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