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H(z) =1lxl1*A(x) + log |1li® (2)
Alx)=— z‘lx,-lzlog |x4? (3)

Al (2l ANE 42 SlE AL HXIE 47
"l A (32 AREA <27 2> 7 1 olef o] &=
25 289 £ A AN A8 ST Ae A AR
Agt HluE glo] o & A& /&j"-_.“a}n# o] AHS

7t §19) P87t vhesto] best basisE Q™ T}

LevelQ

LEVELI1

LEVEL2 AREZA |¥]
A\

LEVE (L3 / \

LE|VE|L4

2" 2. §lo| 83 = FolA Best Basis

_90_

2.3 YA 2A(3]
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7 if lai>r
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LD 0 otherwise (10)
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