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Inverse Calibration of a Robot Manipulator Using Neural Network
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Abstract

The robot inverse calibration method using a neural
networks is proposed in this paper. A high-order
networks has been used in this study. The Pi-Sigma
networks uses linear summing units in the hidden
layer and product unit in output layer. The inverse
calibration model which compensates the difference of
joint variables only between measuring value and
analytic value about the desired pose(position,
orientation) of a robot is proposed. The compensated
values are determined by using the weights obtained
from the learning process of the neural networks
previously. To prove the reasonableness, the selected
compliance automatic robot arm type direct drive
robot and anthropomorphic robot are simulated. It
shows that the proposed calibration method can
reduce the emors of the joint variables from %0.15°

to £0.12° .
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