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Abstract

Recently, X-ray chest radiograph is showing a
tendency to take an image of digital radiograph so as
to diagnose the pathological pattermn of chest in a
usual. When the radiologist observes the chest image
derived from digital radiograph system on the
monitor, he feels difficult to find out because of the
sensitivity of chest radiograph. It takes amount of
time to the proper image for diagnosis.

Therefore, we provided the result and the method of

adjust

the optimal image equalization for image enhancement.
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(a) Original image (b) Histogram equalization

(c) Equalization using Neural Networks
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