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Abstract

In this paper, we propose an optimal feature
extraction for multiclass problems through proper
choice of initial feature vectors. Although numerous
feature extraction algorithms have been proposed,
those algorithms are not optimal for multiclass

problems. Recently, an optimal feature extraction
algorithm for multiclass problems has been proposed,
than the

conventional feature extraction algorithms. In this

which provides a better performance
paper, we improve the algorithm by choosing good
initial feature vectors. As a result, the searching
time is significantly reduced. The chance to be
stuck in a local minimum is also reduced.
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. No. of

Group Species Date sample (train)
SPRING WHEAT 78.05.15 474(300)
SUMMER FALLOW 77.06.26 643(300)

1 |WINTER WHEAT 77.10.18 660(300)
WINTER WHEAT 77.06.26 677(300)
WINTER WHEAT 77.03.08 691(300)
SPRING WHEAT 78.05.15 474(300)
SUMMER FALLOW 77.06.26 643(300)

2 |WINTER WHEAT 77.05.03 657(300)
WINTER WHEAT 77.10.18 660(300)
WINTER WHEAT 77.06.26 677(300)
SPRING WHEAT 78.06.02 515(300)
SPRING WHEAT 78.07.26 515(300)

3 |SUMMER FALLOW 77.06.26 643(300)
WINTER WHEAT 77.05.03 657(300)
WINTER WHEAT 77.03.08 691(300)

¥ 2. Group 1o i

@ exgae) Rk

ped

s Initial vector | Accuracy(%)| Iteration
AR Taggan | B2 371
sequential | c4nonical
search analysis(CA) 72.80 172
PCA 7253 231
Group 1
random 72.40 383
CA - 67.9 -
PCA - 50.2 ~

E 3. Group 201 ¥ &g A5 Yt

s Initial vector | Accuracy(%)| Iteration
=A% TgaqgaD | 6587 616
sequential [ caponical
search analysis(CA) 67.40 254
PCA 65.73 460
Group 2
random 36.87 10
CA - 65.7 -
PCA - 49.1 -
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¥ 4. Group 391 ¥ €@ HEHsL

o Initial vector | Accuracy(%)| Iteration
A T gga 53.40 109
sequential | . honical
search analysis(CA) 59.33 %4
PCA 60.07 134
Group 3
random 59.67 276
CA - 478 -
PCA - 444 -
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