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In this paper, we propose a feature extraction & AL
method based on Bhattacharyya distance for
multiclass problems. The Bhattacharyya distance 2. 9393 2 o=
provides a valuable information in determining the
effectlvc.er.less of a feature set and has 'been used as 2.1 Bhattacharyya distancest 25 ol g
separability measure for feature selection. Recently,
a feature extraction algorithm has been proposed for .
two normally distributed classes based on Bhattacharyya distance= 5 Fd282e 2%
Bhattacharyya distance. In this paper, we propose to FA A8HE Iz HolEL AL 22E
expand the previous approach to multiclass cases. 7FA= 7+ Bhattacharyya distancex= t& 4% 2
Experiment results show that the proposed method ot [2].

compares favorably with the conventional methods.
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G Speci D No. of
roup pecies ate sample (train)

SPRING WHEAT 780602 515(300)
SPRING WHEAT 78.07.26 515(300)

1 {SUMMER FALLOW 77.06.26 643(300)
WINTER WHEAT 77.10.18 660(300)
WINTER WHEAT 77.03.08 691(300)
SPRING WHEAT - 78.06.02 515(300)
SPRING WHEAT 78.07.26 515(300)

2 |WINTER WHEAT 77.05.03 657(300)
WINTER WHEAT 77.10.18 660(300)
'WINTER WHEAT 77.03.08 691(300)
SPRING WHEAT 78.05.15 474(300)
SPRING WHEAT 78.06.02 515(300)

3 |WINTER WHEAT 77.10.18 660(300)
WINTER WHEAT 77.06.26 677(300)
WINTER WHEAT 77.03.08 691(300)
SPRING WHEAT 78.05.15 474(300)
SUMMER FALLOW 77.06.26 643(300)

4 |WINTER WHEAT 77.05.03 657(300)
'WINTER WHEAT 77.10.18 660(300)
WINTER WHEAT 77.06.26 677(300)
SPRING WHEAT 7807.26 515(300)
SUMMER FALLOW 77.06.26 643(300)

5 {WINTER WHEAT 77.05.03 657(300)
WINTER WHEAT 77.10.18 660(300)
WINTER WHEAT 77.06.26 677(300)
SPRING WHEAT 78.06.02 515(300)
SUMMER FALLOW 77.06.26 643(300)

6 |WINTER WHEAT 77.05.03 657(300)
WINTER WHEAT 77.06.26 677(300)
WINTER_WHEAT 77.03.08 691(300)
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