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A STUDY ON THE TIME-VARYING POWER SPECTRUM ESTIMATION ALGORIT}
USING TIME-FREQUENCY REPRESENTATION

Jeongwhan Lee*, Joonyoung Lee, Dongjoon Lee, Hansoo Kim, Woochul Jeon, Myoungho
Dept. of Electrical & Computer Engineering, Colleage of Engineering, Yonsei Universit:

Abstract - This study proposed a new algorithm to
assess autonomic function activity using
Time-Frequecny Representation(TFR). TFR is a way
of describing the time-variant energy of a signal. A
discrete Wigner representation that is capable of
filtering out any cross terms occuring in the
Wigner-Ville  Distribution(WVD) is wused for
time-variant energy distribution of heart rate
variability(HRV) signals. And the marginal condition
are evaluated to estimate power spectrum of HRV
signals. The proposed algorithm showed that
estimated power spectrum of HRV signals well
describe the autonomic nerve system function and
also showed the dynamics of autonomic nervous
system response.
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