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Abstract - In this thesis, We implement the
controller system only using the neural network
to identify the plant characteristics with
keeping the PID controller structure. The
neural network has learned by the adaptive
learning rates that has suggested by Chao-Chee
Ku and the DBP algorithm. We proposed the
on-line tuning algorithm about the unknown
plant using the adaptive tuning technique. As a
result of executing the parameters has tuned
from the initial value to more suitable ones,
and the output of the plant has improved and
also it is appeared that the convergence is
guaranteed,
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