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Path Planning for a Mobile Robot in Dynamic Working Environments

Hyun-Chul Cho* - Keeseong Lee*™*

Kyungbuk Collegs™® -

Abstract - A genetic algorithm for global and
local path planning and collision avoidance of
mobile robot in dynamic working environment is
proposed. The genetic algorithm searches for a
path in the entire and continuous free space
and unifies global path planning and local path
planning. The simulatioh shows the proposed
method is an efficient and effective method
when compared with the traditional collision
avoidance algorithms.
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