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Abstract - This paper presents a method for
solving the path planning problem for robot
manipulators. The technique allows manipulat
~org to move from a specified starting point to
a goal without colliding with objects in two di-
mensional environment. Approximate cell
decomposition with a greedy depth-first search
algorithm is used to guide the end effector
though Cartesian space and genetic algorithms
are used to solve the joint variable for the
robot manipulators.
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