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Adaptive Active Noise Control Using Neuro-Fuzzy Controller

Jong-Woo Kim*

Abstract - This paper presents the adaptive Active
Noise Control(ANC) system using the Neuro-Fuzzy
controller. In general, the character of noise is
time-varing and nonlinear. Thus controller must have
the adaptivness so that applied in Active Noise
Control system to cancel the noise. This paper
propose the Neuro-Fuzzy controller trained with
back-propagation learning algorithm to optimize the
parameters of controller. The objects of this paper are
cancel the noise, extract the original(speech) signal
polluted by noise and design the Neuro-Fuzzy
controller.
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