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ABSTRACT
Classification of extracellularly recorded action potential into
cach unit is an important procedure for further analysis of
spike trains as point process. We utilize feedforward neural
network structures, multilayer perceptron and radial basis
function network to implement spike classifier. For the
efficient training of classifiers, nonlinear energy operator that
can trace the instantaneous frequency as well as the amplitude
of the input signal is used. Trained classifiers shows successful
operation ,up to 90% correct classification was possible under
1.2 of signal-to-noise ratio.
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7t Ak

3. He

MLP, RBFN §& o8& classifier 9 45L& &gl
AH8-€ triaining set o] AAQ) Fa2AL dvht F W
Qot=tiel] F9drh # dPNE NEOE ol§go
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