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Estimation of CO, laser weld bead by using neural network
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Table 6 Model summary and estimation errors

Partial Full
Toglion penetration penetration J:;:::lk
regre regression regression
Adjusted R? 0.493 0.929 0.773
Standard error
. of the estimate 0.4597 0.1373 0.0213
Penetration Error for
depth ining(%) 36.8 10.3 1.5 52
Error for
. . . 4, .
production(%) 38.6 8.0 4 4.2
Adjusted R’ 0.715 0.914 0.526
Standard error
of the estimate 0.1316 0.1235 0.0541
Bead width Error for
training(%) 9.8 58 4.2 3.5
Error for
production(%) 10.3 5.0 4.8 5.2
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Fig. 3 Estimated penetration depth(neural network)
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Fig. 4 Estimated bead width(neural network)



