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A new learning algorithm for multilayer neural networks
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ABSTRACT

In this paper, we propose a new leaming
algorithmn  for multilayer neural networks. In the
error  backpropagation that is widely used for
training multilayer neural networks, weights are
adjusted to reduce the error function that is sum of
squared error for all the neurons in the output layer
of the network. In the proposed learning algorithm,
we consider each output of the output layer as a
function of weights and adjust the weights directly
so that the output neurons produce the desired
outputs. Experiments show that the proposed
algorithm outperforms the backpropagation learning
algorithm.
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