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Abstract

This paper discusses an on-line fuzzy dynamic model( FDM ) identification of
nonlinear processes for the design of fuzzy model based fault detection and isolation(
FDI ). The dynamic behavior of a nonlinear process is represented by a fuzzy
aggregation of a set of local linear models. The identification is divided into two
procedures. The first is the off-line identification of membership function. The second is
the on-line identification of the local linear models. Then, we propose a residual
generation scheme based on the parameters of local linear models and show that the
scheme can be used for the design of FDIL
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arerae

— Ci Af Af | BI B3

Fauly 1 | H3 [10¢ | 0.1098 -0.1645 | -0.1584 | 0.0549 0. 0549
( Qeun |05 |30 | 0.1287 -0.2299 | -0.1518 | 0.0643 0.0643
b Hap ) 43 | 10x | 0.3647 -0.5309 | -0.4867 | 0.2553 0. 2553
= 0.7 | 30% | 0.4025 -0.7952 | -0.3271 | 0.2818 0.2818

Fault 2 | B3 [ 10% | 0.0046 -0. 0204 0. 0066 0.0023 0.0023
( Zejuyn [0.5 | 306 | 0.0603 -0. 2476 0.0668 0. 0301 0.0301
M ) ol | 10x | 0.0284 -0.1271 0.0472 0.0199 0.0199
e 0.7 | 30x | 0.2481 -1.1560 0.4545 0.1737 0.1737
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22t FAMNARD AEYPg o] §3 Ay AFY AAvHE FAHHA, P9 A
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2 B3 ATl H&3 7tFE F /A 2 disf Al /8@ AAE TS RAG

FANARY AES A AHEE 28 Eyge iy AT F FF 9 B A
BHES AT, Jxe o AArEHEN A% FEHER o] JAE ol fstd Ay AT
o A FH PN 1S HEs2 ADF & AE FID 4A7 7158 Ao 7ddn.
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