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ABSTRACT

This paper proposes a new call admission control scheme utilizing an inverse fuzzy vector
quantizer(IFVQ) and neural net, which combines benefits of IFVQ and flexibilities of
FCM(Fuzzy-C-Means) arithmatics, to decide whether a requested call that is not trained in
learning phase to be connected or not. The system generates the estimated traffic pattern of
the cell stream of a new call, using feasible/infeasible patterns in codebook, fuzzy membership
values that represent the degree to which each pattern of codebook matches input pattern, and
FCM arithmatics. The input to the NN is the vector consisted of traffic parameters which is
the means and variances of the number of cells arriving in the interval. After training(using
error back propagation algorithm), when the NN is used for decision making, the decision as
to whether to accept or reject a new call depends on whether the NN output is greater or
less then decision threshold(+0.5). This method is a new technique for call admission control
using the membership values as traffic parameter which declared to CAC at the call set up
stage, and is valid for a very general traffic model in which the calls of a stream can belong
to an unlimited number of traffic classes. Through the simmulation, it is founded the

performance of the suggested method outforms compared to the conventional NN method.
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