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Baum-Welch Genetic algorithm
method Method 1  Method 2
Growp 1 827%  840% 84.3%
Group 2 81.0% 78.3% 81.3%
Group 3 90.7% 89.3% 90.3%
Group 4 95.7% 94.0% 95.7%
Group 5 74.3% 75.0% 76.0%
Average B4.9% 84.1% 85.5%
2 &3
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