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Table 2. Regression analysis Table 3. Area

Boundary line |Regression line Area Pixel
Sky and Left | y=201.1-0.462x

tree rows | Right | y=-14.8+0.362x
Tree rows | Left | y=902.3+3.115x || Tree | Left 91332 | 37.1%
and path | Right | y=846.6-3.556X ||rows
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