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A Study on the Parameter Estimation of an Induction Motor
using Neural Networks

Han—-min Ryu, Seong-Hwan Kim, Tae-Sik Park, Ji-Yoon Yoo
Department of Electrical Engineering, Korea university

Abstract

If there is a mismatch between the controller
programmed rofor time constant and the actual
of the
between the flux and torque is lost in an

time constant motor, decoupling
indirect rotor field oriented control.

This paper presents a new estimation scheme
for rotor time constant using artificial neural
networks, The parameters of induction motor
model organize 2 layer neural fto be weight
between ncuron, which is proposed new in this
paper. This method makes networks simple, so
it brings not only the improvement in speed
but simplification in calculation. Furthermore, it
Is possible to estimate rotor time constant real
time through on-line learning without using
off-line learning .

The digital simulation and the experimental
results to verify the effectiveness of the new

method are described in this paper,
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