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Abstract -

In general, fuzzy control system are efficient for
the systems which are complicated and nonlinear.
But the fuzzy control flawed by the fact that it is
much trial and errors in process of getting
parameters of membership function which can
express optimal status of system.

This paper shows the methodology which is applied
of ANFIS{(Adaptive Neuro-Fuzzy Inference System)
for the coverage against these defects. It proved
superiority of ANFAS by controlling  inverted
pendulum.
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