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Abstract - This paper focuses on the fast
convergence in nonlinear parameter
optimization which is necessary for the fitting
of nonlinear models ‘to data. The simulated
annealing(SA) and genetic algorithm(GA),
which are widely wused for combinatorial
optimization problems, are stochastic strategy
for search of the ground state and a powerful
tool for optimization. However, their main
disadvantage is the long convergence time by
unnecessary extra works. It is also recognised
that gradient-based nonlinear programing
techntques would typically fail to find global
minimum. Therefore, this paper develops a
modified SA which is the SDS(Stochastic
deterministic stochastic) algorithm can
minimize cost function of optimal problem.
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OBJECTIVE FUNCTION

[ H 10 15 20 25

CONFIGURATION

% 1. Hypothetical objective function for a
multivariate system with conflicting goals
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