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Target Tracking Algorithm Using Fuzzy Neural Network

Jin Whan Lee . Wook Chang’, Ok Kook Kwon’

* Dept.of Electrical Eng.. Yonsei Univ..

Abstract - In this paper, we propose a hybrid target
tracking algorithm which combine the conventional
Kalman filter algorithm and the fuzzy neural netowrk.
Conventional methods are degraded in the presence of
uncertanties and the environmental noise. These

problems can be resolved by the proposed method. The

training data for the proposed target tracker is obtained
by the off-line simulation. Unlike other target trackers
usging fuzzy inference system, our method can be
easily integrated into the existing system. A numerical
simulation is included to show the effectiveness and the
feasibility of the proposed method.
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Fig. 1 The structure of the NFNN
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Fig. 2 Fuzzy neural network based Kalman filter
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Figure.3 membership function division of input layer
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Figure4. Comparision of position estimates with
conventional method and the proposed one
(a) Conventional (b) Proposed
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Table 1. Performance comparison between the
conventional method and the proposed one.
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